CUIYTAMRY 2

o 90 . 00
)

/2@@”
o) o"o@jw




vlﬁ&

Amir Mahjoorian
https://Mahjoorian.ir

(IT Moderniza

(LCDP) s ¢S

oN) ST &ibwy s

g Olojlu jloxo 34L y9xg0 o

Jo20 5 Slojlv 5 sloxo 5180 §g 3 9 ko g 0 55Lie ailw JLu ¥e O
9819 0905 GBS pi S 9 i j30T 0598 Ae 3 it 5515 4 U
(g g BLSUINS 1 35 o g g (SIlo Jlw (5 sloo SR Lo 3T (i o U

NP9 9 Joe i Sbojlu 5 lox0 0395 48 LS dwonimm gy U







()
agg/. Jgazeo 9 gﬁ"““y !

sl ol a6 g,



29498 )3 Jlalensen I8N0 L

oyl yo Low Code Development Platform + BPMS p izl ol

WAL Jw 5l yols jI3800 5 (sliad 3o jlwpiwsww dodS' gluyl

JB L g 5L yoige gud 5l ooliiuwl (9 <8 b JS15 0 Jol5 jekay jlusppiamns Sl a5 dulgi
l.. S »

Sl 3 (S0 Ly SY piazmo (oolod dulgi g Wojg s (solod ploxil

Sl (652555 9 drwgi )0 ()l 9 Cuwylan Jlw 1A

v,.ﬁ



o3l 1o 1316 5 ! ST

Slo 2 32 (slopiuw
00 J20 Sasio (5l j8IP 5 (slaeciug S5
ol 6300 S LSy pae g o 4 j> Slal

Ol 2B 5053y
9 walizo (50 )S slohwlg L doslolw Sa=j
Iy T I oslaiwl cslouls (sldosls SSsaSI

Cowl ObJS\:L'?.w

033385497 60 (5o (;Suwlg
o0 ouwlg 2w 3 S Ol jued yolod (gl g (5 i
sl 3815 053GS gl S i

GJ2J0uwgs oL
JS ungi e 6 4230 (51 J81 5 (sldeiug
39050 Ylojlw sl 5L sliwl

Lol j81P 5 Gyl 50353
gl oslaiwl (5 5g9lid Pglso Ol juss

S3S 50 02lgo UL L 1 jg 0 sl yl j8lP o

Slelbl Sl jo Sy

Il glaobl (51381 55 (5l jiusy 325
A0 I8 40U Sz | Sl CualS

vﬁt



[ e
% J

s

L.
¢z

e

®
eee & I.L g _
J ?l cu Sibe) gl ilons syl
II']fUFl'Hi.]U(ZS S(?I'\-"]I(Z(?.";(.'(]F{Jl'}]'ilti(]ll

35 35y @

,j;r/b/;}’ﬁ.;uf‘}u‘.l://{;"/ﬁ

% fpetes
M dslo AL

TOSAN TECHNO

Smart Innovation
A
W !

/ \
: > Mihan Insurance Co. b L wul q

A
HEKMAT SABA INSURANCE

4



Y 4

UQ/ C',Pd' el 6 ..:J/{ u!/h..)‘d‘

e )
w.g}'%d..«»".://f/ (P olim) J guolinly 51 youds <50

RS ab 3= éj
UI/UKUL./!./;A e&’

Iranian Gas Transmission Company o . ‘G'J;'EJ/ il B o
<2 A b/ e

O/ @
W7

1

O

e oA
LT =



Q) »

= e
||....--|..--‘I 1

,-"’ /-”‘/ /\ ;
i S Sk
J.;J"PL"'J.-' }T’) //’1—--"" l—-'..-'r_.-"-’ ozl e L)/“i/{p}j.. Lz L/'L/ . =
¥ f i LT Y o ¢ u”’)LtJU.J{/QJUJ
‘\?

LA €

@ug;o}mub;m A - e p
IRANIAN PRIVATIZATION ORGANIZATION " 4 "'V /g9 W """": P _';"'::" o 1o o 13’#. 'J‘J/'-'““: au» »‘ ’ﬂ
, > 4

Z
77

. -4
ww S

4
¥4
\«

-~

A

4093 9 OlMT b BT ol (5153 0 3 =
Tehran Urban & Suburban Railway Operation Co.

) <

4/

/. 2 /I),_/



NASRAN



® g

= [ 3 -
a5yl oY 99 awine U’ﬁ;@’gy M'wm@ 0‘.’.}":“ @’j

Solad! sSuula

@

D

PR
S 6 T alo |’ -
e S3b (6 51T wlo g (eu@wgm'p ﬂ_//gﬂﬂlj.'bb
< \®
-J H.- ,_::'Ezu ".’j_:’f Q

PUT LUy 9,50 d (Lag)lgll gyl






2 5 Sl (siloju (5 oo

Employees & Customers & Public Relation
Managers Vendors

%
>
©
=
2
©

Q)
c

=
©

=
c
S
S
S
o
@)

vﬁt



Jow
O g4

O OO

loxo

J

C

yw

'I.o)
C

-

I
9 >
S paoual

S

S

v/ﬁﬁ



J5 > g0 (slddslolw juol (sl gy
L 2

G3R Ol juki )3 iy JSulio 0w j 4o g sl 3159 g b jLo b abio oo

0205 § S AL cwlio 245y g

uasaio 5lag jo (> (5l 8P gs GlaciSlu g j 6u w yiw e lojlw 21> bungi 9 (ol




QW .JTO),;' J'S..QU
TS

&P J&QIJ Wiyl

J0iuu0 duwgd g (bl
Olojlw g s g

Lo gy 6w 5 1=S )85 Sl

1S3 48 62 LSy sld@iuaw Sugi Sl



CHCNC ) Q CNOKC
15503279 42 ) (slorpis druog? ol Lyt
(LCDP + BPMS)

c0@@O®0oe

v,‘t



ghpaae i
slep phel -

ple Lblso -

Cawd VL sl lojlus -

U9 slodle -

abeohb  Glojlucupie  sslel gl i /

vﬁt



Front G
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Web Service
Manager

Win/Web Inbox

Portal/Unified
/Mobile Bl Dashboards (User/Role)

Window

Entity Designer Workflow Designer Report Builder

(Data/Form) (BPMNZ2)

(Query Builder/Viewer)

Integration Scripting Tools Biz Rule Engine

(SSO/Service/Db/File)

(C#, JavaScript, SQL) (Logic/UI)
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] Corresponding System |

Task Management

| Organizer & Calendars |

| Document Management |

Suggestion System
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|I Organization Structure l]

) Personnel Information |

|l Ruling & Contract l]

|I Exit Mgm |]
|I Analytic Reports I]
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VIACHINE LEARNING
ELCOME
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STATISTICS

ARTIFICIAL INTELLIGENCE
MACHINE LEARNING

DATA MINING
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rtificial ntelligence

Main Al problems: Egwan ogd Lol Pl
* Reasoning SVl e
* Knowledge representation 0 e
e Automated planning L.)N‘o &LQJ*
« Machine learning 39> s aaby ®
* Natural language processing Oeile Sk ¢
« Computer vision b Ol sosle ¢
* Robotics Oeile ol ®
e Chatbots: 3 Sl
ELIZA (1966 =
heur(istic paitern matching VS UL’) :
N

ALICE (1995)

Artificial Linguistic Internet Computer Entity

ChatGPT (2022) et ?

generative pre-trained transformer
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When Al Beats Humans

Deep Blue, 1997 AlphaGo, 2016
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Hierarchy
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1940 Avrtificial Intelligence

1946

2000




Interdependency

Statistics

Machine
Learning

Artificial
Intelligence
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What is Machine Learning?

Herbert Simon (1970)

* Any process by which a system improves its performance.

Tom Mitchell (1990)

* A computer program that improves its performance at some task through experience.

Ethem Alpaydin (2010)

* Programming of computers to optimize a performance criterion using example data or past experience.

Shai Ben-David (2014)

* Automated detection of meaningful patterns in (large) datasets.
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Machine Learning (cont.)

 Machine learning (ML) develops algorithms for making predictions from data.

 What does “prediction” mean here?




When ML is Used?

 Three criteria:

1. A pattern exists.
2.  We cannot pin it down mathematically.
3. We have dataonit ++
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Learning Types

* Types of machine learning mle (6 5250k Sleei ysSdl glgil @
algorithms:

Ol e s pSob
* Unsupervised learning ol o g S0l o

e Cou (S o0
* Supervised learning

* Reinforcement learning

L:,-"’)LB-; Ao LSJ:?'?‘)L.’.

Semi-supervised learning

. — l-’
Deep Learning ‘.5~°~° LSJ-:{G ]
Self Supervised Learning ot 09> (6 S0l
Transfer learning FEl 5ok

Active learning Jé 50k
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Applications

Image & Speech Recognition

Natural Language Processing

Handwriting Recognition

Autonomous Control (Planes, Trains, Automobiles, ...)
Anomaly Detection in E-commerce (Fraud Detection)
Twitter Topic Modeling

Targeted Marketing

Medical Diagnosis

Rank Webpages in Search Engines

Email Spam Filtering

Recommender Systems
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Netflix Prize

2009

pate: 09:21-09
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Microsoft Seeing Al Project
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1-Microsoft Cognitive Services_ Introducing the Seeing AI project.mp4



1-Jeopardy! - Watson Game 1 (13.45+21.53).mp4

Al Hallucinations

/i/awyer cited 6 fake cases made up by
ChatGPT ]udge calls it “unprecedented"

Judge awyer who didn't bother to verify ChatGPT output.
12310:22 PM @
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References

Question & answer websites, including (not limited to):

shakthydoss.com
www.stackoverflow.com
stats.stackexchange.com
WWW.quora.com

arstechnica.com
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Major Learning Types

* Types of machine learning
algorithmes:

* Supervised learning
* Reinforcement learning
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Ursa Minor
Ursa Major (Little Dipper)
(Big Dipper) .

Polaris

Cassiopeia




Clustering

* Clustering (an unsupervised learning method): Finding groups of objects
such that the objects in a group will be similar (or related) to one another
and different from (or unrelated to) the objects in other groups.

Inter-cluster
distances are
maximized

Intra-cluster
distances are

minimized
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Applications

Document clustering (news, ...)

Community Detection in Social Networks

Sentiment analysis (customer reviews, ...)

Gene expression clustering

Clustering of patients based on phenotypic and genotypic factors for efficient disease diagnosis
Market Segmentation

Anomaly detection

Fraud detection

Finding groups of driver behaviors based upon patterns of automobile motions
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Major Learning Types

* Types of machine learning
algorithmes:

* Unsupervised learning

* Reinforcement learning
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The Weather Data

v,‘A

Day  Qutlook  Temperature Humidity @~ Wind  PlayTennis

D1 Sunny Hot High Weak No
D2 Sunny Hot High Strong No
D3 Overcast Hot High Weak Yes
D4 Rain Mild High Weak Yes
D5 Rain Cool Normal  Weak Yes
D6 Rain Cool " Normal  Strong No
D7 Overcast Cool Normal  Strong Yes
D3 Sunny Mild High Weak No
D9 Sunny Cool Normal  Weak Yes
D10 Rain Mild Normal  Weak Yes
Dil  Sunny Mild Normal  Strong Yes
D12 Overcast Mild High Strong Yes
D13 Overcast Hot Normal  Weak Yes

D14  Rain Mild High  Strong No




Decision Tree

| Outlook

I

/Sunn}f | Overcast Rain\
Humidity | Yes Wind

/\ /\

Hig Normal Strong Weak

/N / \

No Yes No Yes

Figure © Tom Mitchell, Machine Learning, 1997
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The Akinator

* What would be the most important question to ask first?

Has your character really |
existed?

t Probably Probably not

V/ﬂt



Generative Al

Point-E

Midjourney

h Text to Speech
A

aws CodeWhisperer
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GANSs

Generative Adversarial Networks (GANSs)

| Goodfellow, J Pouget-Abadie, M Mirza, B Xu, D Warde-Farley, S Ozair, Advances in neural
information processing systems 27, 2672-2680.
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DALL-E

The Egyptian pharaoh man is riding a
motorcycle in ancient Egypt and he
has a smile on his face.

0 A cat in human clothes riding a
beautiful horse
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Major Learning Types

* Types of machine learning
algorithmes:

* Supervised learning
* Unsupervised learning
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ChatGPT

e Chatgpg.com

« Android: install Shecan App

« PC: set DNS
178.22.122.100
185.51.200.2

* chatgpt can make mistakes. check important info

Vﬂt
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